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Abstract

Upper and lower bounds are derived for the absolute values of the eigenvalues of a matrix
polynomial (or A-matrix). The bounds are based on norms of the coefficient matrices and
involve the inverses of the leading and trailing coefficient matrices. They generalize various
existing bounds for scalar polynomials and single matrices. A variety of tools are used in
the derivations, including block companion matrices, Gershgorin’s theorem, the numerical
radius, and associated scalar polynomials. Numerical experiments show that the bounds can
be surprisingly sharp on practical problems.
© 2002 Elsevier Science Inc. All rights reserved.
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1. Introduction

Polynomial root finding is an old subject on which much has been written. In
particular, many bounds are available for roots of polynomials, comprehensive sur-
veys being given in [17,21]. When the coefficients of the polynomial are generalized
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from scalars to matrices we obtain the polynomial eigenvalue problem, which has
also received much attention—see, for example, the books [6,13]. However to our
knowledge little or nothing has been published on bounds for eigenvalues of ma-
trix polynomials, except for special classes of coefficient matrices (cf. [13, Chapter
9] and [22]). In this work we derive upper and lower bounds for the absolute val-
ues of the eigenvalues of general matrix polynomials, concentrating on bounds that
are of practical use. Thus we aim for bounds that can be computed with much less
computational effort than is required to solve the eigenproblem, especially for large
problems. All our bounds are generalizations, in one way or another, of bounds for
the eigenvalues of a single matrix and of bounds for the roots of a scalar polyno-
mial. Our treatment is selective: many other bounds can be derived by generalizing
results for the special cases just mentioned, but the bounds we present are probably
sufficient for most purposes, especially when combined with scaling, similarity and
eigenvalue-reciprocating transformations.

Motivation for developing bounds for the eigenvalues of matrix polynomials is
readily found. Information about the location of eigenvalues is valuable when com-
puting them by an iterative method, for example to aid m the choice of shifts [22].
When computing pseudospectra of matrix polynomials, which provide information
about the global sensitivity of the eigenvalues [8,23], a particular region of the (pos-
sibly extended) complex plane must be identified that contains the eigenvalues of
interest, and bounds clearly help to determine such region.

To set the notation, we consider the matrix polynomial (or A-matrix)

P =A"Ap +2""TAp 4 + Ao, (1.1)

where Ay € C*", k = 0 : m. The polynomial eigenvalue problem is to find an ei-
genvalue A and corresponding nonzero eigenvector x satisfying P(A)x = 0. If A,,
is singular, then P has an infinite eigenvalue, while if A is singular, then O is an
eigenvalue. Therefore all our upper bounds on |A| require A,, to be nonsingular and
the lower bounds require A to be nonsingular; we will not repeatedly state these
nonsingularity conditions as they are usually clear from the context. Note that it is of
interest to bound the largest finite eigenvalue or smallest nonzero eigenvalue, but to
do so requires more sophisticated and computationally expensive estimates than the
matrix norm-based ones that we employ here.

To simplify the exposition, we introduce two new matrix polynomials associated
with P()):

Py = A"+ A" Wy + - 4 U, (1.2)
where U; = A,' A;, so that P()) = A,, Py(A), and
PLOA) = AT+ A" 'Ly 4 4 Ly, (1.3)

where L = AglAi sothat V" P(A~1) = AgPL()). The polynomials P and Py have
the same eigenvalues, whereas the eigenvalues of P are the reciprocals of the ei-
genvalues of P. The tow polynomials Py and Pp are monic polynomials whose



N.J. Higham, F. Tisseur / Linear Algebra and its Applications 358 (2003) 5-22 7

eigenvalues are easily shown to be the eigenvalues of the mn x mn block companion
matrices

- 0 1 o .- 0 7
. 0 / .
Cy = 0 (1.4)
0 . 1
| -Uy U - - —=Up_1l
and
0 1 0 0 7]
: 0 1 :
CL= : : , (1.5)
0 1
| —Lw —Lpy—y - -+ —Li]

respectively. The matrices Cy and Cy, are exploited in Section 2, in which we derive
bounds for the eigenvalues of P from the eigenvalues and singular values of Cy and
CL. In Section 3 we use the roots of an associated scalar polynomial to bound the
eigenvalues of P, by generalizing a bound of Cauchy. Some additional bounds are
given in Section 4, including generalizations of two bounds of Mohammad. Numer-
ical experiments presented in Section 5 show that the bounds can be surprisingly
sharp, even on practical problems. Conclusions are given in Section 6.
Throughout this paper || - || denotes a subordinate matrix norm. Also, we write

U=1[Up,U,....Uy1l, L=I[Lp,Ly-1,...,L1] (1.6)

2. Bounds from the block companion matrix
In this section we bound the eigenvalues of P by applying various eigenvalue

bounds to the two companion matrices Cy and Cr. and exploiting their block struc-
ture.

2.1. Bounds based on norms of Cy and Cy,

A basic tool is the following standard result.

Lemma 2.1. Every eigenvalue A of A € C"™*" satisfies |\| < ||A|l for any matrix
norm.

An application of Lemma 2.1 gives the following bound. Here, || - ||, denotes a
matrix norm subordinate to a vector p-norm.
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Lemma 2.2. Every eigenvalue of A of P satisfies
-1

m m—1
L+ Ll | <<+ ) Ul 1< p<oo.
j=1 j=-0

Proof. Write Cy in the form Z'}Zol Jm,j+1(Uj) +V, where f;;(U) has (i, j) block
U and is otherwise zero and where V is the upper triangular part of Cy. Now take
norms to obtain the upper bound. The proof of the lower bound is similar. [

Stronger bounds can be obtained for p = 1, 2, co by exploiting the properties of
the norms. Recall that U and L are defined in (1.6).

Lemma 2.3. Every eigenvalue A of P satisfies

-1
max (| Lyll1, 14+ max L)
i=1lm—1

< A < max (10ollx. 1+ max [1Uilh). @2.1)
I=1:m—

max(1, | L]loo) ™" < 2] < max(1, [Uloo), (2.2)

11+ LL*; > < < 11+ U ur)> (2.3)

Proof. The first two bounds are obtained by using the explicit formulae for the 1
and oo norms, respectively. For the 2-norm we write

0 I
0 0
0

Cy = - +1 : =X+7Y (2.4)

é Uy ... =-Un_

and note that X*Y = Y*X = 0. Thus

ICull3 = ICHCull2 = (X + Y)*(X + V)l
= IX*X + Y*Y |,
<M +YYI =1+ YY"
= Il + UU*|l2,

as required. [J

An alternative derivation of (2.2) and (2.1) is to apply Gershgorin’s theorem [9,
Theorem. 6.1.1] to Cr, and Cy and their transposes, respectively. The result in the fol-
lowing corollary are weaker, but they directly generalize bounds for the roots of sca-
lar polynomials summarized in [9, p. 316 ff.], [17, Section 27] and [21, Chapter II].
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Corollary 2.4. Every eigenvalue ) of P satisfies

(14 max L)™' <A< 1+ max (Uil @.5)
i=l:m i=0:m—1
m -1 m—1

max [ 1, ILjllo | <A <max [ 1, 11Ujlo | - (2.6)

j=1 j=0
m —1/2 - 12

L+ 1L 13 <<+ Y1 2.7)
j=1 j=0

For n = 1, the upper bound in (2.5) is Cauchy’s bound, that in (2.6) is Montel’s
bound, and that in (2.7) is Carmichael and Mason’s bound.

A weakness of Lemma 2.3 and Corollary 2.4 is that the upper bounds are all
at least 1 and the lower bounds are all at most 1, irrespective of the norms of the
U; and L;. This property stems from the fact that the eigenvalues of a matrix are
invariant under similarity transformations, while norms are not. However, we can
apply a similarity transformation to Cy and Cy, before taking their norms and thereby
obtain different and potentially smaller bounds. A natural choice of similarity is the
diagonal matrix X = diag(c1/, ..., o, 1) where the «; are positive parameters. We
have

Cy(a) = XCyX~!

-0 Z_;I 0 0 7
0 el
_| 0 S BEC Y )
0 !
eu B0 U O

Adapting the proof of Lemma 2.3 to Cy(«) leads to the next result. To save clutter
we do not state the corresponding lower bounds obtained using the analogous Cp ().

Lemma 2.5. Let o, i = 0 : m, be positive with o, = 1. Every eigenvalue A of P
satisfies

U i U;
|A|<max<” oll’ max <L+|| 1”1))’ 2.9)
o i=lm—1 \ &1 o+
i U Up—
|A|<max< max 4 [—0,...,"’—2,0,,,_1” ) (2.10)
i=lim—1 041 o1 Om—1 00
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A < mi( % >2+mi< Ui )2 " 2.11)
P 70N ] ico ®it+1 )
For «; = ||Ui|l1, (2.9) yields
Al gmax<”U°”‘,2_ max M) 2.12)
Ul i=tm=1 [Uit1lh

which, for n = 1, is Kojima’s bound [9, p. 319], and «; = ||U;||c0, (2.10) yields

— Ul
<y (2.13)
= Ui+l

Finally, we state a bound potentially smaller than (2.1) and (2.2). For a matrix
A € C"" we define the row and column sums

n n
si(A) =Y laijl,  tj(A) =) laijl.
j=1 i=1

The following lemma is a straightforward application of Ostrowski’s theorem (cf.
[9, Theorem 6.4.1] and [16, p. 151, (4)]) to Cy and Cr. (Ostrowski’s theorem is a
generalization of Gershgorin’s theorem involving both row and column sums.)

Lemma 2.6. Every eigenvalue )\ of P satisfies
_gy—1 _
( max s;(CLYP1(CL)'™P)™ <Al < max s;(Cy)Pi(Cy)' P (2.14)
i=1:mn i=l:mn

forevery g € [0, 1].

2.2. Bounds from the singular values of Cy and Cy,

Most of the eigenvalue bounds above are based on bounds for the norms of the
block companion matrices Cy and Cr. For the 1- and co-norms we can, of course,
evaluate ||Cy|| and || CL || exactly with little computational expense, as is done in (2.1)
and (2.2). The cost of evaluating the 2-norm of an mn x mn matrix is usually prohib-
itive. We now investigate the singular values of Cy, with the aim of simplifying the
task of evaluating or bounding ||Cyl||2. As usual, the singular values o; of A € C"*"
are ordered o7 > - - - > o, = 0. The following result generalizes expressions for the
singular values of the companion matrix of a scalar polynomial (n = 1) derived in
[11,12].

Lemma 2.7. The singular values o; of the companion matrix Cy fall into three
groups:
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(i) o<1, i=1:n,
)oy=1, i=n+1:nm—1) (fm=3),
(i) o; =21, i=nm—-10)+1:nm @Gm2=2).

The 2n singular values in groups (i) and (iii) are the square roots of the eigenvalues
of the quadratic A-matrix Q(1) = A*1 — A UU* + 1) + UoUj.

Proof. The singular values of Cy are the square roots of the eigenvalues of CyCy,
so we consider

S(L) = CyCl — Al

(1 — 1)1 0 0 —Ul*
0 (1 -1 0 —Uik
= : 0 :
: : (1-M1 _U:z—l
L Ui -U, —Un—1 UU*—)»I_

We need to evaluate det(S (1)), which we do with the aid of block Gaussian elimina-
tion. Premultiplying by lower triangular matrices that eliminate the (m, 1), (m, 2),
..., (m,m — 1) block entries in turn leads to

L(A)SA)
Q-0 0 .- 0 —Uy ]
0 (A=Wl 0 -U3
_ : 0 ,
(1 -1 ~Un
. 0 0 - 0 UU-M-01-n'"Yruur]

where L () is unit lower triangular. Taking determinants gives

m—1
det(S(1)) = (1 — )™= det ((UU* A —-A=-n"" YU UI-*)

i=1
m—1
= (1 —1)""=D get ((1 —MUU* = Al — Z U; U,.*>
i=1

= (1 — )" Ddet (W21 — AUU* + 1) + UpUy). (2.15)
We now know that there are n(m — 2) singular values equal to 1 and it remains to
show that the remaining singular values fall into two groups of n, one bounded above
by 1 and one bounded below by 1. The latter relations follow by applying the Cauchy
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interlace theorem (cf. [9, Theorem 4.3.15] and [20, Theorem 10.1.1]) to the matrix
CuC{;=S5(00). O

‘We now consider the quadratic A-matrix Q(X) arising in Lemma 2.7. Recall that
a quadratic A>A 4+ AB + C is hyperbolic [14] if A is Hermitian positive definite, B
and C are Hermitian, and
(x*Bx)? > 4(x*Ax)(x*Cx) forall x # 0. (2.16)
For Q(A), condition (2.16) requires the positivity of, for | x|[» = 1,

(F(UU* 4 Dx)? — 4x*UpUx
2

m—1
= (1 + Zx*UiUi*x> — 4x*UoUj x
i=0

m—1
> (1- X*U()ng)z + Z (x*U,-Ui*x)Z.
i=1

We conclude that Q()) is hyperbolic as long as at least one of Uy, ..., Uy—_1 is
nonsingular. The reason for verifying the hyperbolicity property is that it is known
that for hyperbolic quadratics all 2n eigenvalues are real and there is a gap between
the n largest and the n smallest [13, Section 7.6]. We therefore deduce the following
result.

Lemma 2.8. Let m > 2 and suppose that at least one of Uy, ..., Uy —_1 is nonsin-
gular. Then in Lemma 2.7 strict inequality holds throughout in atleast one of (i) and

(iii).

Lemma 2.7 implies the following bounds on the absolute values of the eigenvalues
of P.

Corollary 2.9. For any eigenvalues A of P,
Amin(QON'? = 0 (Cu) < 1A < 01(CU) = Amax (Q(W)/2. (2.17)

Proof. The eigenvalues of P are the eigenvalues of Cy, which are bounded in ab-
solute value above and below by the largest and smallest singular values of Cy,
respectively. The result then follows from Lemma 2.7. [

By their derivation, the bounds of Corollary 2.9 are sharper than those in (2.3),
though of course they are more expensive to compute. A significant feature of the
corollary is that it bounds the moduli of the eigenvalues of a general A-matrix of
degree m in terms of the eigenvalues of a Hermitian A-matrix Q of degree 2 that is
hyperbolic.

Finally, we note that obvious analogues of the results of this section hold for Cy..
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2.3. Bound based on the numerical radius

An alternative to using a norm of A € C"*" to bound the eigenvalues is to use the
numerical radius ¢:

A < max {|z"Az| 1z € C", |lzlla = 1} =: C(A).

The inequality ¢(A) < ||A||> is immediate and it can be shown that £(A) < ||A|2/2
[9, p. 331]; thus employing the numerical radius rather than norms can lead to an
improvement, although by a limited amount. We will not attempt to evaluate ¢ (Cy),
but instead use the splitting (2.4) to obtain a slightly larger but easily expressed upper
bound.

We need the following lemma.

Lemma 2.10. Let A, B € C™*" and let z € C" have unit 2-norm. Then

A*B All2|lB
1 BA*Z| < [A*Bll2 +2|| 21l B2

Proof. We have

IAl211Bll2 > |A* (222" — ) Bll2
= ||2A%zz*B — A" B2
> 2||A*zz"Bll2 — [IA*Bll2
=2[A*z|21B*zll2 — |A* B2
> 2|z"BA™z| — |A*B|2,
which gives the result on rearranging. [

The following lemma generalizes a result for scalar polynomials in [5].

Lemma 2.11. Every eigenvalue A of P satisfies

Up— U
|)\|<005<m11)+ U 1||22+|| ||2. (2.18)

Proof. Using |A| < ¢(Cy) and the splitting (2.4) we have
Al < max {|z*Xz| : 2z = 1} + max {|z*Yz| : ¥z = 1}.

The first term can be shown to be cos(n/(m + 1)) [10, Problem 9, p. 25]. The second
term is

max {|z*5[0 -~ 0 [[Uy -+ Unilz:z'z=1},

which can be bounded using Lemma 2.10, to give the result. [
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We see that, since ||U ||, = |UU* ||é/2, (2.18) can be up to about a factor 2 smaller
than (2.3) when U,,_; has much smaller norm than all the other U; and at least one
U; has norm much bigger than 1.

3. Extension of Cauchy’s theorem

Another approach is to use norms of the coefficient matrices of P to define a
scalar polynomial whose roots provide information about the eigenvalues of P. The
following result generalizes a result of Cauchy described in [17, Section 27] and [25,
p. 209].

Lemma 3.1. Assume that A,, and Agy are nonsingular and define the two scalar
polynomials associated with P ())

u(h) = AN AGHT = A A = - — (Aol
CR) = A" Al + -+ A ALl = 1A 7

Then every eigenvalue A of P satisfies

r < |A <R, 3.1
where R and r are the unique positive real roots of u()) and £(1), respectively.
Proof. By Descarte’s rule of signs, u#(A) and £(1) have unique positive real root (cf.
[21, Theorem 5.3] and [25, p. 197]). Write

P(W)x = A" (Apx + 27 Ap_ix 4+ AT Agx),
where ||x|| = 1. For |A| > R we have, using u(R) = 0;

A" A x4 -+ AT Agx||

< R Ap—tll 4+ R Aol = 114,17 3.2)

Now

1P GOl = A" (1 Amxll = 127 Appmrx + -+ 27" Aox]))
= (1A = I A i 4+ 4+ 27 Aox])
>0

by (3.2), and it follows that A is not an eigenvalue of P. Therefore all the eigenvalues
satisfy |[A| < R. The proof of the lower bound is similar. [J

Which choice of norm gives the tightest bounds in (3.1) is difficult to predict. Note
that in contrast to all the earlier bounds these bounds are in terms of the original A;
and not U; = A;lAi orL; = AglAi.
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By applying Lemma 3.1 and Corollary 2.9 we can obtain lower and upper bounds
for the moduli of the eigenvalues in terms of the extremal singular values of Uj.

Lemma 3.2. Let 8 = ||UU* + I||5. Every eigenvalue A of P satisfies

1 1
3 <—/3 +y B+ 4Gn(Uo)2) <P < 3 </3 +/B*+ 401(U0)2) .

Proof. By Corollary 2.9 we have to bound the smallest and largest eigenvalues of
Q) = 2T —AUU*+1)+ UoUj;. The upper and lower bounds are obtained by
applying Lemma 3.1 for the 2-norm. [

Note that we can apply Lemma 3.1 to the polynomial Py and Pr in (1.2) and (1.3)
instead of P; in general we will obtain different bounds that can be better or worse,
depending on the A;.

The roots r and R in Lemma 3.1 can of course themselves be bounded by applying
any of the explicit bounds from this paper with n = 1.

4. Other bounds

In this section we give three further types of bounds of a different flavour from
those before.

4.1. Bounds from the characteristic polynomial

Potentially useful bounds for the eigenvalues can be obtained from the charac-
teristic polynomial, det(P(})). It is easily seen that if A,, is nonsingular, then the
eigenvalues A; of P satisfy

mn

_ det(Ao)
1™ [ Ta =det (A, Ag) = ,
=D H ‘ (4" Ao) det(A,,)
mn
— Zki = trace(A,ZlAm_l).
i=1
Hence
. det(A) |/
min |4;| < < max |2,
i det(A,,) i
|trace(A,," Am—1)]

max [A;| >
i mn
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We note that if Ag, A,—1 and A,, are symmetric positive definite, then these
bounds can be estimated relatively cheaply using Gaussian quadrature and Monte
Carlo techniques from [2,3].

4.2. Bound involving fractional powers of norms

Using a variation on the proof of Lemma 3.1 we obtain the following generaliza-
tion of a bound of Mohammad [18].

Lemma 4.1. Every eigenvalue of P satisfies

— -1 . —1/i — —i
(L 1A )™ min AT <A< (14 1451) max L4/,

m

Proof. Let 6 = max;—q.,,_1 [|A;]|'/?"~". For any x of norm 1 we have

1P = W[ ([Amxl = I Ayt + -+ + 27" Ag)x]))

—1
m el e Al
> 1AL —me_,.

i=0
1 1 = 91‘
= At —ZW
i=1
1 1 O 91‘
> (1A, _Zw‘
i=1
1 0
>|xm|(||Am‘|| l_m—e)

>0 if A > (1+114,,11)6.

Hence every eigenvalue A must satisfy the upper bound of the theorem. The lower
bound is proved similarly. [l

Note that if Ag = A; =--- = A,—1 = 0, then the upper bound in Lemma 4.1
correctly implies that all the eigenvalues are zero; most of the bounds above do not
lead to this conclusion. On the other hand, unlike the eigenvalues, the bounds of
the lemma are not invariant under the transformations A; <— 8A;, so the bounds are
scale-dependent.

4.3. Bound involving maximization over unit circle

Our final bound involves a little more computation, although still at the scalar
level. This result generalizes one of Mohammad [19] for scalar polynomials.
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Lemma 4.2. Every eigenvalue of P satisfies |\| < max(,u||A;,1 I, 1), where

po=max [|2"  Ap_1 -+ Agll = max | A1+ + " A
Z:

lzl=1

1

Proof. Let x be an arbitrary vector of unit norm. Writing w = z~', we have

IP@xll = 12" (| Amx ]l = I (wAm—1 + -+ w™Ag)x])
> 12" (1A, 7" = lwAp—1 + -+ -+ w™ Aoll).

For |w| < 1,

lwApu—1+---+ won|| = |w|||Ap-1+ -+ wm—lAOH
< Jwimax [[Ap—1 + -+ + 2" Aol
lzI<1

= |w|u,

where the last equality follows from a version of the maximum modulus principle.
Thus

IP@)xl = 12"1(I1A, 17 = wlwl).

This lower bound is nonzero for |w| < |A1||~'/u, that is, |z| > u||A;,'|, and
hence any eigenvalue of P exceeding 1 in modulus must satisfy [A| < u|l4,, b, O

In the case where A,, = I, Lemma 4.2 reduces to |A| < max(1, i), which clearly
can be smaller than (2.2), for example. Indeed, consider P(1) = A" —m~ ' A" ~11 —
... —m~ I, which clearly has I as an eigenvalue. For any subordinate matrix norm,
u = m, and the bound of Lemma 4.2 is 1, whereas the bounds in (2.1)—(2.3) are
1+ 1/m, 2, and /1 + 1/m, respectively.

In general, the task of computing u is a 1-dimensional maximization over the unit
circle.

5. Numerical experiments

Many variations on the bounds explicitly stated here are possible. For example,
all the bounds in Section 3 and 4 can be applied to Py in (1.2) and P, in (1.3) as
well as to P itself, and those bounds based on the block companion matrices can
be applied to a diagonally scaled matrix, as in (2.8). It is therefore not possible to
give here a full comparison of all the bounds; instead, we give some illuminating
numerical examples. The experiments were performed using MATLAB 6.

As a first example, we consider a 5 x 5 matrix polynomial P (A) of degree m = 9
whose coefficient matrices are of the form

A = 10"73randn, i=0:8;, A9 =randn,
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Table 1

Upper bounds for first example, for which max; [A;| = 1.01 x 100

Bound Value Comment

2.3) 1.79 x 106 2-Norm based

(2.13) 2.82 x 100 oo-Norm based

(2.14) 1.94 x 100 Ostrowski, g = 3/4

(2.18) 1.78 x 100 Numerical radius-based

3.1) 2.45 x 100 Cauchy applied to P, 2-norm
3.1 1.78 x 100 Cauchy applied to Py, 2-norm
Lemma 4.1 2.74 x 10° 2-Norm

Lemma 4.2 1.92 x 10° Applied to Py, 2-norm

Table 2

Lower bounds for first example, for which min; |X;| = 3.90 x 1072

Bound Value Comment

(2.12) 9.97 x 1073 1-Norm based

(2.14) 1.11 x 1072 Ostrowski applied to CL (o) with ; = ||Ly41—ill2, B = 1/4
(3.1) 1.76 x 103 Cauchy applied to Py, 2-norm

where randn denotes a random matrix from the normal (0, 1) distribution. The min-
imal and maximal moduli of the 45 eigenvalues are

min [A;] =3.90 x 1072, max [4;| = 1.01 x 10°,
1 l

All the upper bounds are of the correct order of magnitude, and some of them provide
sharp estimates, as shown in Table 1. The lower bounds are of more variable quality,
but again several of them are good estimates; see Table 2.

For our second example we consider the free vibration of a string clamped at
both ends in a spatially inhomogeneous environment. The equation characterizing
the wave motion can be described by

Uy +ea(x)u; = Au, x €[0,7n],e >0,
u(t,0) =u(,n)=0.
Approximating

u(x. 1) =Y q(t) sin(kx)

k=1
and applying the Galerkin method we obtain a second-order differential equation
Mg(t)+€Cq(t) + Kq(t) =0, (5.1
where

a0 =g, ...,qu01", M= (w/2)l,, K = (n/2)diag(j?),
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50 T - -

-50 : . . . . > +
-0.11 -0.1 -0.09 -0.08 -0.07 -0.06 ~0.05 -0.04 -0.03 -0.02

Fig. 1. Spectrum of P (1) for example based on (5.1).

and
C = (ckj), cxj 2/ a(x) sin(kx) sin(jx) dx.
0

The polynomial of interest is Q(1) = A2M + AC + K. In our experiments we take
n=>50,ax)= xz(n — x)2 — 46,8 =2.7and € = 0.1. Since M and K are diagonal,
we make the estimation problem harder by multiplying Q on the left and the right
by random orthogonal matrices. The spectrum is plotted in Fig. 1 and it satisfies

min [A;| = 1.00, max|};| = 50.0.
1 1

The upper bounds in (2.1)—(2.3), (2.12), (2.13) and (2.18) all exceed 1250. How-
ever, the Ostrowski bound (2.14) with 8 = 1/2 is 119 when applied to Cy and 110
when applied to Cy(«) for ; = ||U;||1, while the Cauchy bound (3.1) for the 2-norm
is the remarkably sharp 50.2 (or 234 for the 1-norm).

For the lower bounds, the 2-norm bound (2.3) gives 0.70 and the Cauchy bound
(3.1) gives 0.84 for the 2-norm. Even better are the bound 0.88 given by both (2.17),
based on the 2-norm of Cr, and the numerical radius-based bound (2.18) applied
to Pr.

Our final example is from a structural dynamics model representing a reinforced
concrete machine foundation [4]. It is a sparse quadratic eigenvalue problem Q (1) =
A*M + AC + K of dimension 3627 with complex symmetric C and K. The ma-
trices M and C are diagonal and the sparsity pattern of K is shown in Fig. 2. To
compute max; |A;| we converted the problem to a generalized eigenvalue problem
Ax = ABx with a Hermitian positive definite B and used MATLAB’s eigs function
(an interface to the ARPACK package [15]) to compute the five eigenvalues of larg-
est absolute value. This computation took 233 seconds on a 500 MHz Pentium III
machine, yielding max; [A;| = 2.12 x 10*. For this problem, | K| > ||C|| > M|
and ||Up|l > ||U1|l, and this causes the bound (2.1) to be a severe overestimate at



20 N.J. Higham, F. Tisseur / Linear Algebra and its Applications 358 (2003) 5-22

0o

500

o \

1500 AR
Rge

2000 'g

2500 -
=

3000

3500

0 500 1000 1500 2000 2500 3000 3500

nz = 201121

Fig. 2. Sparsity pattern of K for third example.

1.10 x 10°. However, (2.12) yields 2.74 x 10° and (2.13) yields 2.22 x 10°. The
Cauchy bounds, applied to Py, are even sharper: (3.1) yields 3.53 x 10* for the 1-
norm and 3.17 x 10 for the co-norm. Each of these bounds is computed in less than
half a second.

6. Conclusions

With the growing interest in the numerical solution of polynomial eigenvalue
problems [1,24] the derivation of eigenvalue bounds is a timely topic of investiga-
tion. All our bounds are essentially norm-based, and therein lies a weakness, because
even in the special case of a single matrix a norm can differ by an arbitrary amount
from the eigenvalues. Nevertheless, our numerical experience shows that our bounds
are often surprisingly good estimates, on practical as well as contrived problems. A
reason for working with norms is that they can usually be computed or estimated,
even for applications invlolving very large, sparse matrices, which are perhaps de-
fined only implicitly as long as matrix—vector products can be computed then norms
can be estimated [7].

All our bounds involve the inverse of the leading or trailing coefficient matrix.
This is inevitable, since, for example, any upper bound can be finite only if A,, is
nonsingular, and so computing an upper bound requires at least as much work as
testing A,, for nonsingularity. In some applications A,, is diagonal, and in others it
has structure (for example, diagonal dominance) that enables ||A,;l || to be bounded
without computing A, !, in which case our bounds are still appicable with minor
modification.

We noted earlier that a huge variety of bounds can be obtained by combining
the various techniques described here and generalizing other bounds from the scalar
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case. Exhaustively cataloguing bounds is not the most useful avenue of future re-
search, but identifying bounds suited to particular classes of problems is an important
topic on which progress would be valuable in applications.
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